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Beyond Autonomy

A Plastic Surgeon's Responsibility in the Face
of Al-Driven Misinformation
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A promising development in medical practice is a shift from a “doctor knows best” model toward patient autonomy
rooted in shared decisions, transparent risk, and respect for values.'? Increasing Internet access, social media com-
munities, and more recently generative large language models (LLMs) such as ChatGPT (OpenAl, San Francisco, CA)
may have helped push patient autonomy forward by providing near-instant access to clinical information from trusted
sources, but can also relay harmful medical misinformation. LLMs' fluent style can mask factual hallucinations and trans-
mit the same gaps that already trouble online medical content.! As a result, medical visits increasingly begin with fact-
checking claims, shifting time away from substantive decision making toward correction. We argue that without deliberate
safeguards for autonomy, increasing patient reliance on LLMs can pull clinical encounters back toward paternalism.

CASE STUDY

A 50-year-old woman with diabetes presented to the emergency department after an outpatient MRI suggested
early osteomyelitis of a toe. Before arrival, her partner entered the radiology impression into an LLM, which recom-
mended urgent surgical evaluation with possible toe amputation and an infectious diseases consultation. In the emergency
department, she was hemodynamically stable with a small distal second toe wound and mild cellulitis. The surgical team
advised that debridement could be scheduled when operating room resources were available, but the family pressed for the
LLM's plan. A mildly elevated creatinine prompted an additional LLM recommendation for a nephrology consultation,
which the internal medicine team explained was unnecessary because the abnormality could be managed without sub-
specialist input.

Over the next 48 hours, plastic surgery and inpatient medicine provided unified bedside counseling. Daily 30-
minute conversations began with a concrete review of symptoms, examination findings, imaging, and laboratory trends,
with plain language explanations of osteomyelitis progression. Teams shared notes and prepared brief written summaries
to avoid mixed messages and to model collaborative decision making. By the third encounter, the couple agreed to
scheduled debridement, which proceeded uneventfully without clinical deterioration. The episode required several addi-
tional clinician hours but also illustrates that consistent, evidence-linked counseling can recalibrate expectations. As trust
developed, the couple's questions shifted from the timing of amputation to postoperative wound care and antibiotic du-
ration, reflecting a transition from crisis-driven demands to constructive engagement with the treatment plan.

ACCURATE INFORMATION UNDERPINS PATIENT AUTONOMY

Beauchamp and Childress? define autonomy as the ability of patients to make voluntary decisions once they re-
ceive reliable data. That premise underlies informed consent and falters when common sources are unreliable. Surveys
of plastic surgery content on YouTube, TikTok, and Instagram show that 40%—70% omit complication rates, realistic
recovery timelines, or total costs.®® LLMs that learn from such material can inherit these gaps, and their fluent prose
may confer unwarranted authority. In a randomized evaluator-blinded study of public patient questions, lay raters
judged ChatGPT responses as higher quality and more empathic than physicians' and noted substantially greater length
(211 vs 52 words); however, the clinical accuracy was not independently verified.'°

Unlike ranked web search, LLMs return a single answer without transparent sources. They synthesize content,
blending accurate and fabricated details (‘“hallucinations”), and deliver information in a fluent, validating, and confi-
dent tone that promotes anchoring and over-trust. Because platform incentives favor retention over verification, accu-
racy is uncertain, and these dynamics can mislead patients and erode clinicians' epistemic authority.
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PROFESSIONAL STEWARDSHIP PROTECTS
PATIENT AUTONOMY

Correcting LLM errors is not a return to paternalism. In light of
historical abuses that prompted autonomy safeguards (such as Tuskegee
and the subsequent Belmont report),'! the priority is information stew-
ardship: clinicians should appraise Al-derived claims, direct patients to
credible sources, and document the rationale for accepted or rejected
advice while preserving patient agency. Correction grounds decisions
in case-specific evidence and considers system-level risks, akin to anti-
biotic stewardship, aligning individual care with public health. When
clinicians withdraw from guidance, some patients report feeling aban-
doned to decisions they do not feel qualified to make.'*'?

Patients consult LLMs for varied reasons, and preferences for
shared decision making differ by context and population.'* Access bar-
riers, convenience, and a desire for anonymity also drive online informa-
tion seeking, and trust in clinicians has fluctuated since the pandemic.'®
Clinically, this means pairing validation with guardrails: ask what prompted
the Al chatbot query, elicit what matters most to the patient, use teach-
back to correct inaccuracies, and co-create an evidence-based plan.'®!”
Stewardship also requires explicit professional responsibility. Regardless
of how persuasive an Al recommendation appears, the surgeon remains
the final safeguard and medical authority; clinicians should scrutinize
external guidance, correct errors, and document the rationale for accepted
or rejected advice.'®

EXPANDING STEWARDSHIP THROUGH RETRIEVAL-
AUGMENTED GENERATION (RAG)

Individual clinician counseling cannot match the scale of online
misinformation. LLMs can amplify erroneous information through hal-
lucinations, producing confident but inaccurate outputs.'® Patients need
evidence-linked education at scale that delivers timely, consistent an-
swers with transparent sources outside of provider visits without
shifting the vetting burden to clinicians.

Rather than general-purpose LLMs, professional societies and
academic centers could pair domain-restricted systems with RAG
grounded in peer-reviewed libraries.?° In such workflows, the model
cites retrieved documents, abstains or escalates when confidence is
low, and allows direct inspection of sources. RAG has reduced, though
not eliminated, hallucinations while preserving conversational flow.*’
These tools must be built with guardrails, including a narrow clinical
scope, approved source gating, transparency when retrieval is weak, clear
uncertainty language, human handoff pathways, and ongoing evaluation
of accuracy, faithfulness to sources, patient comprehension, and clinician
time saved. Framed as information stewardship at scale, a responsible
RAG approach meets patients where they seek answers while giving cli-
nicians a verifiable, low-friction way to authenticate advice.'>%

WHY PLASTIC SURGERY IS A GOOD STARTING POINT

Plastic and reconstructive surgery (PRS) is a sensible first setting
to test source-gated RAG. PRS has standardized care pathways, heavy
exposure to image-driven misinformation, and frequent preference-
sensitive choices, which together create a narrow but high-risk informa-
tion domain. The same approach would fit other preference-sensitive
specialties. Because LLMs are input-driven and cannot fill in missing
clinical details on their own, even domain-restricted systems can mis-
lead when inputs are incomplete or out of scope. Pilot programs could
test efficacy by using evidence-linked RAG across the care continuum,
show verifiable sources, adapt to literacy and language needs, and ab-
stain or escalate to clinicians when confidence or evidence is low.

CLINICAL IMPORTANCE

Information stewardship is patient care. Clear, evidence-linked
explanations lower anxiety and support informed, values-concordant
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choices.>""*? For clinicians, this is high-value work that should be
taught, practiced, and documented on par with informed consent so that,
with institutional support and scalable RAG tools, patient autonomy is
grounded in trustworthy information rather than fluent but erroneous
LLM outputs. In complex encounters, ethics consultation can slow
the discussion, align decisions with shared values, and has been associ-
ated with less lingering clinician moral distress and stronger team
cohesion.?*?* Integrating these reflective touchpoints into perioperative
workflows helps ensure that redirecting patients from harmful advice is
experienced as accompaniment rather than gatekeeping.

RESEARCH DIRECTIONS

Future work should scrutinize retrieval-augmented generation
(RAG) rigorously. Early studies suggest that RAG curbs hallucinations
by grounding answers in source documents, but whether it preserves es-
sential safety details and avoids promotional bias remains uncertain.>*>°
A recent review highlights the lack of harmonized evaluation frameworks
for health care RAG and calls for uniform metrics for assessing generated
outputs.?® Building on this, linguistic analyses should test for omission of
high-risk warnings, promotional bias, response variability, and sociode-
mographic or linguistic skew that alters recommendations across other-
wise identical scenarios.?” Parallel eye-tracking studies could identify
which portions of RAG-generated materials attract attention and link
gaze patterns to comprehension and subsequent utilization.?®

Despite progress on accuracy, RAG adoption remains unknown.
Will clinicians and patients actually use such a tool in their routine
workflow, and if so, how do we implement so it becomes as habitual
as Google or ChatGPT? One pragmatic path is to use the Consolidated
Framework for Implementation Research (CFIR) to map local barriers
and facilitators, co-design with end users, and embed the tool at existing
touchpoints such as previsit portals and consent modules with iterative
refinement until it is easy, useful, and safe.?’

NEXT STEPS

The next steps in integrating LLMs into the medical workflow
for both patients and physicians rest on supervised integration rather
than resistance or deflection. Institutions can pilot RAG LLMs within
secure portals, offer residency workshops on counseling strategies for
Al-primed patients, and recognize information stewardship efforts in
care quality metrics. By placing digital health literacy in the forefront,
creating an implementation structure, and building a shared agenda,
the field of plastic surgery can model how to safeguard autonomy with-
out surrendering professional responsibility.

Patient Consent

This case report has been fully anonymized, and no identifiable
information is included. Although formal consent was not required,
the patient provided permission for inclusion in the manuscript.
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